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Background and Project Goal

Background:
e People with complete or severe loss of motor functions can

still generate specific brain signals through motor imagery
e BCl's can analyze these signals and assign an output for
various applications

o Preprocessing: Artifacts are filtered and Fourier
Transform is applied to segmented data
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Current Status

Testing Open BClI’s capabilities with signal acquisition,
while learning how to properly adjust the cap and reduce
Impedances

o Selected cap for final BCI system

Training model created to see if distinct patterns can be

Goal: EEG Cap Jetson Nano determined between left and right hand movement through
e Decode three active motor imagery states and one passive motor imagery
state to control a video game Communication between all hardware components
o Allow future development of systems that utilize Researching deep learning algorithms that will be tested
mind-based inputs once data is acquired
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ERD/ERS time-frequency maps (left side)
and topographical maps of mu ERD (right
side) of a subject during execution (upper
panel) versus imagination of a right hand
movement (lower panel).

o Pattern Recognition: Machine learning algorithm
recognizes motor imagery patterns
o Qutput: Communicates control signals to video game



